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Disclaimer

This report has been prepared for the use of the client named in the report for the specific purpose identified in the report.
Any other party should not rely upon this report for any other purpose. This report is not be used, circulated, quoted or
referred to, in whole or in part, for any other purpose without the prior written consent of Vaisala, Inc. The conclusions,
observations and recommendations contained herein attributed to Vaisala, Inc. constitute the opinions of Vaisala, Inc. For
a complete understanding of the conclusions and opinions, this report should be read in its entirety. To the extent that
statements, information and opinions provided by the client or others have been used in the preparation of this report,
Vaisala, Inc. has relied upon the same to be accurate. While we believe the use of such information provided by others
is reasonable for the purposes of this report, no assurances are intended and no representations or warranties are made.
Vaisala, Inc. makes no certification and gives no assurances except as explicitly set forth in this report.
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INTRODUCTION

Vaisala has been retained by Puget Sound Energy to provide an operational reforecast for the Hopkins Ridge wind farm,
which is located in Columbia County, Washington. This project is comprised of 87 Vestas V80-1.8MW turbines for a total
project capacity of 156.6 MW.

The operational reforecast is an independent assessment of the future production of an operating project based on the
historical production data and the climate. It considers the variability of the climate and the observed production data,
including generation and availability data, as reported by the project. Vaisala offers two different Operational Reforecast
products: a comprehensive analysis that quality controls the 10-minute SCADA data on a turbine specific basis, and a
higher level analysis that relies solely on the monthly-mean operating reports of the project.

Since only monthly-mean production data are considered in this analysis, any potential turbine performance issues in the
net metered generation data will be transferred into the operational reforecast process. In essence, it is a simulation of
the future assuming the plant performs as it has in the past, making adjustments if it is known that operating conditions
are expected to change from the past.

Assuming the plant continues to operate as it has in the past, the operational reforecast yields an estimated long-term
potential net energy value of-GWh. Potential net energy refers to the energy the wind farm would produce if the
total site availability is 100% and the curtailment loss is 0%. Total site availability for this analysis includes contractual
machine availability and grid availability. BOP availability and curtailment losses are inherent in the provided net metered
generation data.

For this analysis, results will be shown only in terms of potential net energy. The client will need to apply contractual
turbine availability and grid availability losses to determine the expected net energy generation of the Hopkins Ridge wind
farm.

Project Size 156.6 MW
Number of Turbines 87
Turbine Type Vestas V80-1.8MW
Hub Height 67 m
Potential Net Energy Generation @1218 G\Wh
Net Energy Generation -
Aggregate Loss Factor @oo1o %
Standard Error of 20-year Estimate @0 %

Table 1: Project Overview

Shaded information is designated as confidential per WAC 480-07-160
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Project Description

2 PROJECT DESCRIPTION

The Hopkins Ridge project is located in Columbia County, Washington. The project is comprised of 87 Vestas V80-1.8MW
turbines at 67 m hub height for a total project capacity of 156.6 MW. The wind farm has been operating since December
2005.

The location of the Hopkins Ridge wind farm is shown below in Figure 1.
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Figure 1: Map of the Hopkins Ridge project region.

Hopkins Ridge Operational Reforecast For Puget Sound Energy (©) 2017 Vaisala, Inc.
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3 METHODOLOGY

To estimate the future net production values, the following two input data sources are utilized: historic production data,
including generation and availability data, and 36 years of Numerical Weather Prediction (NWP) model data. Statistical
corrections are applied to the normalized production data, based on a simulated climate index, in order to generate a
long-term time series of estimated production values. The historic long-term production provides the basis for estimating
future production. An outline of the basic approach follows:

Production, availability and curtailment data are reviewed for quality and usefulness.

Normalized production data, i.e. potential net energy data, are created by normalizing the net meter generation
data to 100% site availability.

Long-term climate variability is analyzed to determine an appropriate start date for each of 3 independent reanalysis
data sets, assuming each has long-term characteristics consistent with the region.

Utilizing the Weather Research and Forecasting Model (WRF), reanalysis data are downscaled to a 15 km horizontal
resolution.

Time series data of air density and hub height wind speed are extracted from the WRF data set at a centrally located
grid point within the project.

The time series of hub height wind speeds are corrected to on-site conditions using on-site wind resource measurement
data, if available.

An air density corrected project power curve is used to convert the individual reanalysis-based time series to power.
Power values are further scaled to expected long-term generation before aggregating by month. These monthly
simulated production time series become climate power indices.

Monthly observed normalized production data are adjusted for the long-term by applying the ratio of the long-term
mean monthly profile derived from the 36 years of simulated data against the monthly profile derived over the
short-term operational production period.

The independent long-term estimates are then weighted by respective coefficients of determination; comparing
monthly observed production against the simulated power indices.

Historic trends of availability and curtailment data are analyzed to determine expected future trends. Turbine
availability and curtailments are normalized out of the data set when applying the long-term correction factor.
The expected future availability and curtailment are added back as loss factors when computing the reforecasted
long-term mean net energy estimate.

Uncertainty analysis is performed to develop the probability of exceedance values (P75, P90, etc.) of expected net
energy generation.

Hopkins Ridge Operational Reforecast For Puget Sound Energy (© 2017 Vaisala, Inc.
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4.1

4.2

DATA VERIFICATION

On-site Resource Data

For operational projects where stand-alone met towers are waked by operating turbines, a broadly applicable view of the
site’s wind resource can be determined from the nacelle anemometers in the project. A project average time series of wind
speed is determined by averaging the 10-min wind speed readings from every turbine in the project. The averaged time
series is interpreted as a point reading at the arithmetic average of the latitude and longitude coordinates of all turbines.
The nacelle wind resource time series is then used to validate and correct the raw NWP model data using a process of
Model Output Statistics (MOS) correction. MOS uses regression equations to remove bias and adjust the variance of the
raw model output to improve the match with the provided observational data. Nacelle wind resource measurement data
were provided by the client during the period January 2009 through December 2010.

Operating Results Summary

A summary of historical park performance over the period December 2005 through July 2016 was provided by the client.
The data included monthly generation data and various availability statistics. Specifically relevant for this analysis are the
net generation, turbine and grid availability data. The total plant availability factor is calculated inclusive of the following:
contractual machine availability and grid availability. Project curtailment and BOP losses are inherent in the net metered
generation data provided by the client. Potential net energy generation data are then derived by dividing the net metered
generation data by the total site availability factor. The result is a time series representative of the project with 100%
availability.

Project generation data, total plant availability data, and potential net generation data utilized by Vaisala are shown below
in Table 2. Newly constructed wind farms typically have a break-in period during which availability, and potentially turbine
performance, is lower than what would typically be seen over the long-term. This period often takes place during the
first year of operations. When multiple years of operating data are provided, Vaisala identifies this initial stabilization
period and removes it from the analysis, so that these data do not bias the long-term adjustment. A stabilization period
from December 2005 through July 2006 is identified in the data record. An additional 15 months of data have not been
considered in the analysis because of low plant availability.

Operational generation data over the period August 2006 through December 2015 are used in the analysis. Months with
relatively low total site availability values are not incorporated into the analysis, and so a potential net generation value is
not computed for these months.

Hopkins Ridge Operational Reforecast For Puget Sound Energy (©) 2017 Vaisala, Inc.
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Data Verification

Date Net Metered Total Plant Potential Net
Generation (MWHh) Availability (%) Generation (MWHh)

Table 2: Observed net metered generation, plant availability, and potential net generation data for Hopkins Ridge.
(continued on next page)

Shaded information is designated as confidential per WAC 480-07-160

Hopkins Ridge Operational Reforecast For Puget Sound Energy (© 2017 Vaisala, Inc.


bnguye
Highlight


i

/

Data Verification

Date Net Metered Total Plant Potential Net
Generation (MWHh) Availability (%) Generation (MWHh)

Table 2: Observed net metered generation, plant availability, and potential net generation data for Hopkins Ridge.
(continued on next page)

Shaded information is designated as confidential per WAC 480-07-160
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Data Verification

Date Net Metered Total Plant Potential Net
Generation (MWHh) Availability (%) Generation (MWHh)

Table 2: Observed net metered generation, plant availability, and potential net generation data for Hopkins Ridge. Months
with relatively low total site availability are not incorporated into the analysis and potential net generation is not computed.
For these months the potential net generation data are shown as missing values.

Shaded information is designated as confidential per WAC 480-07-160
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5 CLIMATE REVIEW

In order to place the production data into the climatological context, Vaisala performed a review of several long-term
climate data sources. Vaisala primarily relies on global reanalysis data sets for understanding the long-term climate
variability. The reanalysis data sets are derived from thousands of global observations, including ground-based weather
stations, ocean surface buoys, satellites, and weather balloons. Vaisala uses three major reanalysis data sets that are each
produced independently by different institutions. The data sets reviewed for this analysis are shown below in Table 3.

Data Set Explained Variance (R?) Start Year End Year
ECMWF ERA-I 0.87 1997 2015
MERRA 0.86 1997 2015
NCEP/NCAR 0.84 1997 2015

Table 3: Monthly explained variance with production data and reference period utilized for each reanalysis data set.

Vaisala considers each reanalysis data set when assessing the long-term climate and results using each data set are weighted
by their correlation to observed project performance. Figure 2 shows the annual-mean wind speed values extracted from
each reanalysis data set across the period of record. The reference period for each data set is optimized by taking into
consideration how representative the entire record is of the recent climate at the site. The utilized reference period and
correlation with observed project performance for each reanalysis data set is provided in Table 3.

— ERA — MERRA — NNRP

L L I B L L B AL
1980 1984 1988 1992 1996 2000 2004 2008 2012
Year

Annual-mean Wind Speed (m/s)

Figure 2: Annual-mean time series plot of considered reanalysis data sets.

Shaded information is designated as confidential per WAC 480-07-160
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Reforecast R;esults

6 REFORECAST RESULTS

The 98 months of utilized potential net generation data are independently indexed against the 36 years of simulated power
from each NWP data set. The monthly observed potential net generation data are adjusted for the long-term by applying
the ratio of the long-term mean monthly profile derived from the 36 years of simulated data against the monthly profile
derived over the short-term operational production period. The three independent long-term estimates are combined
together by weighting each value against the coefficient of determination between the 98 months of observed, potential
net generation data and the respective NWP simulated data.

This analysis presents results only in terms of the potential net energy generation. The long-term mean potential net
energy generation estimate for the Hopkins Ridge wind farm is estimated to be-GWh.

Hopkinsridge
Potential Net Energy Generation (GWh) 412.8
Nameplate Capacity (MW) 156.6
Loss Factors
Total Site Availability 10010 %
Curtailment 10019 %
Aggregate Loss Factor 100 %

Net Energy Generation (GWh) -

Table 4: Net energy generation results.

6.1 Long-term Variability

The long-term variability of the simulated potential net energy is shown within this section. Figure 3 shows the long-
term mean seasonality via a box-and-whisker plot of the monthly-mean potential net energy data. The shaded boxes are
bounded by the P25 and P75 values for each month, and the whiskers denote the minimum and maximum values. The
median for each month is denote by the black line within the shaded box. Table 5 shows the numerical values plotted
within Figure 3.

Shaded information is designated as confidential per WAC 480-07-160
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Reforecast Results

/

l

l

l

Monthly—-mean Energy (MWh)

. . . | . . | .

I I I I
Jan Feb Mar Apr May Jun Jul Aug Sep Oct Nov Dec
Month

Figure 3: Box-and-whisker plot of monthly-mean simulated potential net energy. This figure displays the expected
variability of the monthly-mean data. Median values are denoted by the solid line within each shaded box.
Upper and lower boundaries of the shaded box correspond to the 75% and 25% quartiles, while the whiskers
denote the maximum and minimum monthly-mean potential net energy values.

P75 Median P25 Maximum
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Table 5: Minimum, P75, median, P25, and maximum potential net energy values (MWHh) for each calendar month.

Shaded information is designated as confidential per WAC 480-07-160
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Reforecast Results

V

6.2 Seasonal Profile

The operational reforecast of the Hopkins Ridge annual profile is detailed in this section. Because the reforecast method-
ology is indexed against individual calendar months, the operational reforecast can illuminate the project’s annual profile.
Table 6 shows the annual profile in terms of the potential net energy for Hopkins Ridge.

Potential Net Energy % of Annual
Generation (MWh) Production

Table 6: Long-term monthly-mean estimates of potential net energy (MWH) and % of annual production.

Shaded information is designated as confidential per WAC 480-07-160
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7.1

7.2

7.3

Uncertaint lysis
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UNCERTAINTY ANALYSIS

The following types of uncertainty are analyzed and incorporated into the analysis: production normalization, climate
variability, and model uncertainty.

Production Normalization Uncertainty

The production normalization uncertainty covers the uncertainty associated with adjusting the net production data for plant
availability and curtailment. The long-term analysis is based on the potential power production data, i.e. the production
data normalized by the plant availability and curtailment. The uncertainty of the potential power production data is
directly related to the plant availability and curtailment, since the potential production values are unknown during periods
when the wind plant was not available for producing power. Thus, lower plant availability leads to higher production
data uncertainty. In addition, this also covers the uncertainties associated with future changes to turbine efficiencies and
availabilities.

Climate Variability Uncertainty

The climate variability includes two components: temporal variation and future changes in climate.

Temporal uncertainty is based on the inter-annual variability (standard deviation) of the annual-mean energy-based NWP
time series corresponding long-term means. It is assumed that each year of the annual-mean potential power time series
is independent from the next.

Future changes in climate includes the possibility of future climate varying from the historic climate. Climate change is
associated with potential shifts in the climate over the next twenty years. Change in the climate may have positive or
negative impacts to the production data. The magnitude of climate change uncertainty is based on how the most recent
five years of data compares to the prior long-term record. Based on these factors, a climate change uncertainty value is
assessed.

Model Uncertainty

The model uncertainty describes the uncertainty associated with estimating the long-term MOS-corrected potential net
generation time series. The model uncertainty is derived from four components: the quality of the production data,
the period of record of the production data, the error of the MOS-corrected data during the production period, and the
sensitivity of the MOS calculation.

The uncertainty associated with the quality of the production data is a function of the averaging period of the generation
data incorporated into the analysis. Generally speaking, using data with a longer averaging period will increase this
uncertainty, e.g. monthly generation data will have higher uncertainty than 10-minute SCADA data.

Based on prior split-sample validation analyses performed by Vaisala, it is known that the uncertainty of the MOS algorithm
decreases as the period of the training data increases. Therefore, the training period component of the model uncertainty
is determined by the length of record of the production data. To understand the error of the MOS calculation, the root
mean squared error (RMSE) is computed between the monthly-mean MOS-corrected data and the observed production
data over concurrent time periods. And lastly, the sensitivity component of model uncertainty is derived by computing
multiple iterations of MOS, using perturbed input data, and computing the standard deviation of error across the resulting
time series. The four components of model uncertainty are statistically aggregated together yielding the total model
uncertainty for a 20-year return period.

13
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Uncertainty Analysis

7.4 Pooled Uncertainty

A quadratic sum is computed of the individual uncertainty values described above to derive the total uncertainty value for
the Hopkins Ridge Wind Farm. Table 7 summarizes these calculations.

Project Uncertainty 1l-year 5-year 10-year 20-year

Production Normalization @8 0.8 0.8 0.8
Climate Variability 10.0 4.6 33 24
Model 31 31 31 31

Total Uncertainty 105 5.6 4.6 4.0

Table 7: Standard error of future production estimate (%) at Hopkins Ridge.

7.5 Probability of Exceedances

Based on the estimated total project uncertainties, Table 8 presents the probability of exceedance levels associated with
the P50 project estimate for the 1-year, 5-year, 10-year, and 20-year cases.

P-level 1-year b5-year 10-year 20-year
P50 4128 4128 4128 4128
P75 3834 3972 3999 4015
P90 3571 3832 3884 3914
PO5 3413 3748 3815 3854
P99 3116 3591 3685  374.1

Table 8: Probability of exceedance values (GWh) at Hopkins Ridge.

Shaded information is designated as confidential per WAC 480-07-160
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8 CONCLUSION

Vaisala has conducted an operational reforecast of the Hopkins Ridge wind farm within Columbia County, Washington.
The reforecast is based on the client provided historical monthly summaries of net metered generation data and availability
data in combination with Vaisala's long-term NWP model data. A power index derived from three NWP model simulations,
driven by independent reanalysis data sets, was utilized to adjust the normalized production data for the long-term. The
expected long-term mean potential net annual energy production value, i.e. the net P50, is estimated to be-GWh.
Using the uncertainty assessment results, probability of exceedance values were calculated. The 20-year P90 potential net
energy value for the Hopkins Ridge project is-GWh.

Shaded information is designated as confidential per WAC 480-07-160
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This report has been prepared for the use of the client named in the report for the specific purpose identified in the report.
Any other party should not rely upon this report for any other purpose. This report is not be used, circulated, quoted or
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statements, information and opinions provided by the client or others have been used in the preparation of this report,
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INTRODUCTION

Vaisala has been retained by Puget Sound Energy to provide an operational reforecast for the Lower Snake River wind farm,
which is located in Garfield County, Washington. This project is comprised of 149 Siemens SWT 101-2.3MW turbines for
a total project capacity of 342.7 MW.

The operational reforecast is an independent assessment of the future production of an operating project based on the
historical production data and the climate. It considers the variability of the climate and the observed production data,
including generation and availability data, as reported by the project. Vaisala offers two different Operational Reforecast
products: a comprehensive analysis that quality controls the 10-minute SCADA data on a turbine specific basis, and a
higher level analysis that relies solely on the monthly-mean operating reports of the project.

Since only monthly-mean production data are considered in this analysis, any potential turbine performance issues in the
net metered generation data will be transferred into the operational reforecast process. In essence, it is a simulation of
the future assuming the plant performs as it has in the past, making adjustments if it is known that operating conditions
are expected to change from the past.

Assuming the plant continues to operate as it has in the past, the operational reforecast yields an estimated long-term
potential net energy value of-GWh. Potential net energy refers to the energy the wind farm would produce if the
total site availability is 100% and the curtailment loss is 0%. Total site availability for this analysis includes contractual
machine availability and grid availability. BOP availability and curtailment losses are inherent in the provided net metered
generation data.

For this analysis, results will be shown only in terms of potential net energy. The client will need to apply contractual
turbine availability and grid availability losses to determine the expected net energy generation of the Lower Snake River
wind farm.

Project Size 342.7 MW
Number of Turbines 149
Turbine Type Siemens SWT 101-2.3MW
Hub Height 80m
Potential Net Energy Generation 84919 GWh
Net Energy Generation -
Aggregate Loss Factor @ooro %
Standard Error of 20-year Estimate @m %

Table 1: Project Overview

Shaded information is designated as confidential per WAC 480-07-160
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Project Description

2 PROJECT DESCRIPTION

The Lower Snake River project is located in Garfield County, Washington. The project is comprised of 149 Siemens SWT
101-2.3MW turbines at 80m hub height for a total project capacity of 342.7 MW. The wind farm has been operating

since March 2012.
The location of the Lower Snake River wind farm is shown below in Figure 1.
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Figure 1: Map of the Lower Snake River project region.

Lower Snake River Operational Reforecast For Puget Sound Energy (© 2017 Vaisala, Inc.
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3 METHODOLOGY

To estimate the future net production values, the following two input data sources are utilized: historic production data,
including generation and availability data, and 36 years of Numerical Weather Prediction (NWP) model data. Statistical
corrections are applied to the normalized production data, based on a simulated climate index, in order to generate a
long-term time series of estimated production values. The historic long-term production provides the basis for estimating
future production. An outline of the basic approach follows:

Production, availability and curtailment data are reviewed for quality and usefulness.

Normalized production data, i.e. potential net energy data, are created by normalizing the net meter generation
data to 100% site availability.

Long-term climate variability is analyzed to determine an appropriate start date for each of 3 independent reanalysis
data sets, assuming each has long-term characteristics consistent with the region.

Utilizing the Weather Research and Forecasting Model (WRF), reanalysis data are downscaled to a 15 km horizontal
resolution.

Time series data of air density and hub height wind speed are extracted from the WRF data set at a centrally located
grid point within the project.

The time series of hub height wind speeds are corrected to on-site conditions using on-site wind resource measurement
data, if available.

An air density corrected project power curve is used to convert the individual reanalysis-based time series to power.
Power values are further scaled to expected long-term generation before aggregating by month. These monthly
simulated production time series become climate power indices.

Monthly observed normalized production data are adjusted for the long-term by applying the ratio of the long-term
mean monthly profile derived from the 36 years of simulated data against the monthly profile derived over the
short-term operational production period.

The independent long-term estimates are then weighted by respective coefficients of determination; comparing
monthly observed production against the simulated power indices.

Historic trends of availability and curtailment data are analyzed to determine expected future trends. Turbine
availability and curtailments are normalized out of the data set when applying the long-term correction factor.
The expected future availability and curtailment are added back as loss factors when computing the reforecasted
long-term mean net energy estimate.

Uncertainty analysis is performed to develop the probability of exceedance values (P75, P90, etc.) of expected net
energy generation.

Lower Snake River Operational Reforecast For Puget Sound Energy (© 2017 Vaisala, Inc.
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DATA VERIFICATION

On-site Resource Data

For operational projects where stand-alone met towers are waked by operating turbines, a broadly applicable view of the
site’s wind resource can be determined from the nacelle anemometers in the project. A project average time series of wind
speed is determined by averaging the 10-min wind speed readings from every turbine in the project. The averaged time
series is interpreted as a point reading at the arithmetic average of the latitude and longitude coordinates of all turbines.
The nacelle wind resource time series is then used to validate and correct the raw NWP model data using a process of
Model Output Statistics (MOS) correction. MOS uses regression equations to remove bias and adjust the variance of the
raw model output to improve the match with the provided observational data. Nacelle wind resource measurement data
were provided by the client during the period January 2013 through December 2015.

Operating Results Summary

A summary of historical park performance over the period March 2012 through July 2016 was provided by the client. The
data included monthly generation data and various availability statistics. Specifically relevant for this analysis are the net
generation, turbine and grid availability data. The total plant availability factor is calculated inclusive of the following:
contractual machine availability and grid availability. Project curtailment and BOP losses are inherent in the net metered
generation data provided by the client. Potential net energy generation data are then derived by dividing the net metered
generation data by the total site availability factor. The result is a time series representative of the project with 100%
availability.

Project generation data, total plant availability data, and potential net generation data utilized by Vaisala are shown below
in Table 2. Newly constructed wind farms typically have a break-in period during which availability, and potentially turbine
performance, is lower than what would typically be seen over the long-term. This period often takes place during the first
year of operations. When multiple years of operating data are provided, Vaisala identifies this initial stabilization period
and removes it from the analysis, so that these data do not bias the long-term adjustment. No explicit stabilization period
is apparent in the data record, but the first month of operational data is not considered in the analysis. One additional
month is also not incorporated into the analysis because of relatively low plant availability.

Operational generation data over the period April 2012 through December 2015 are used in the analysis. Months with
relatively low total site availability values are not incorporated into the analysis, and so a potential net generation value is
not computed for these months.

Lower Snake River Operational Reforecast For Puget Sound Energy (©) 2017 Vaisala, Inc.
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Data Verification

Date Net Metered Total Plant Potential Net
Generation (MWHh) Availability (%) Generation (MWHh)

Table 2: Observed net metered generation, plant availability, and potential net generation data for Lower Snake River.
(continued on next page)

Shaded information is designated as confidential per WAC 480-07-160
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Data Verification

V

Date Net Metered Total Plant Potential Net
Generation (MWHh) Availability (%) Generation (MWHh)

Table 2: Observed net metered generation, plant availability, and potential net generation data for Lower Snake River.
Months with relatively low total site availability are not incorporated into the analysis and potential net generation is not
computed. For these months the potential net generation data are shown as missing values.

Shaded information is designated as confidential per WAC 480-07-160

Lower Snake River Operational Reforecast For Puget Sound Energy (© 2017 Vaisala, Inc.


bnguye
Highlight


Y
=~y
5 CLIMATE REVIEW

In order to place the production data into the climatological context, Vaisala performed a review of several long-term
climate data sources. Vaisala primarily relies on global reanalysis data sets for understanding the long-term climate
variability. The reanalysis data sets are derived from thousands of global observations, including ground-based weather
stations, ocean surface buoys, satellites, and weather balloons. Vaisala uses three major reanalysis data sets that are each
produced independently by different institutions. The data sets reviewed for this analysis are shown below in Table 3.

Data Set Explained Variance (R?) Start Year End Year
ECMWF ERA-I 0.85 1997 2015
MERRA 0.89 1997 2015
NCEP/NCAR 0.86 1997 2015

Table 3: Monthly explained variance with production data and reference period utilized for each reanalysis data set.

Vaisala considers each reanalysis data set when assessing the long-term climate and results using each data set are weighted
by their correlation to observed project performance. Figure 2 shows the annual-mean wind speed values extracted from
each reanalysis data set across the period of record. The reference period for each data set is optimized by taking into
consideration how representative the entire record is of the recent climate at the site. The utilized reference period and
correlation with observed project performance for each reanalysis data set is provided in Table 3.

— ERA — MERRA — NNRP

L I L
1980 1984 1988 1992 1996 2000 2004 2008 2012

Annual-mean Wind Speed (m/s)

Year

Figure 2: Annual-mean time series plot of considered reanalysis data sets.

Shaded information is designated as confidential per WAC 480-07-160
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Reforecast R;esults

6 REFORECAST RESULTS

The 44 months of utilized potential net generation data are independently indexed against the 36 years of simulated power
from each NWP data set. The monthly observed potential net generation data are adjusted for the long-term by applying
the ratio of the long-term mean monthly profile derived from the 36 years of simulated data against the monthly profile
derived over the short-term operational production period. The three independent long-term estimates are combined
together by weighting each value against the coefficient of determination between the 44 months of observed, potential
net generation data and the respective NWP simulated data.

This analysis presents results only in terms of the potential net energy generation. The long-term mean potential net
energy generation estimate for the Lower Snake River wind farm is estimated to be §49)GWh.

Lowersnakeriver

Potential Net Energy Generation (GWh) 849.9
Nameplate Capacity (MW) 342.7
Loss Factors
Total Site Availability @000 %
Curtailment 10010 %
Aggregate Loss Factor (1009 %

Net Energy Generation (GWh) -

Table 4: Net energy generation results.

6.1 Long-term Variability

The long-term variability of the simulated potential net energy is shown within this section. Figure 3 shows the long-
term mean seasonality via a box-and-whisker plot of the monthly-mean potential net energy data. The shaded boxes are
bounded by the P25 and P75 values for each month, and the whiskers denote the minimum and maximum values. The
median for each month is denote by the black line within the shaded box. Table 5 shows the numerical values plotted
within Figure 3.

Shaded information is designated as confidential per WAC 480-07-160
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Figure 3: Box-and-whisker plot of monthly-mean simulated potential net energy. This figure displays the expected
variability of the monthly-mean data. Median values are denoted by the solid line within each shaded box.
Upper and lower boundaries of the shaded box correspond to the 75% and 25% quartiles, while the whiskers
denote the maximum and minimum monthly-mean potential net energy values.

Minimum P75 Median P25 Maximum
Jan 260417 428495 652628 79967.2  103991.3
Feb  21613.5  44768.4 64604.5 799421 1215343
‘Mar  56316.9  79418.0 87466.8 108361.6  118843.3
Apr  53396.8  67456.2 80054.7 916369  122540.7
May  43957.1  66105.6 816654 901224  102290.5
Jun 538109  71251.1 79470.1 89408.1  99964.0
Jul 462325 613384 676993 711947  84081.3
Aug 434724 578151 67064.3 72493.9  95471.6
Sep 359253 561123 608158 68584.5  88630.1
Oct 385233  58951.0 68718.9 777627  104618.1
Nov ~ 25188.7  50990.3 62568.0 722350  110917.3
Dec 223954 545527 66016.7 89268.5  108130.6

Table 5: Minimum, P75, median, P25, and maximum potential net energy values (MWHh) for each calendar month.

Shaded information is designated as confidential per WAC 480-07-160
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Reforecast Results

V

6.2 Seasonal Profile

The operational reforecast of the Lower Snake River annual profile is detailed in this section. Because the reforecast
methodology is indexed against individual calendar months, the operational reforecast can illuminate the project’s annual
profile. Table 6 shows the annual profile in terms of the potential net energy for Lower Snake River.

Potential Net Energy % of Annual
Generation (MWh) Production

Table 6: Long-term monthly-mean estimates of potential net energy (MWH) and % of annual production.

Shaded information is designated as confidential per WAC 480-07-160
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7.2

7.3
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UNCERTAINTY ANALYSIS

The following types of uncertainty are analyzed and incorporated into the analysis: production normalization, climate
variability, and model uncertainty.

Production Normalization Uncertainty

The production normalization uncertainty covers the uncertainty associated with adjusting the net production data for plant
availability and curtailment. The long-term analysis is based on the potential power production data, i.e. the production
data normalized by the plant availability and curtailment. The uncertainty of the potential power production data is
directly related to the plant availability and curtailment, since the potential production values are unknown during periods
when the wind plant was not available for producing power. Thus, lower plant availability leads to higher production
data uncertainty. In addition, this also covers the uncertainties associated with future changes to turbine efficiencies and
availabilities.

Climate Variability Uncertainty

The climate variability includes two components: temporal variation and future changes in climate.

Temporal uncertainty is based on the inter-annual variability (standard deviation) of the annual-mean energy-based NWP
time series corresponding long-term means. It is assumed that each year of the annual-mean potential power time series
is independent from the next.

Future changes in climate includes the possibility of future climate varying from the historic climate. Climate change is
associated with potential shifts in the climate over the next twenty years. Change in the climate may have positive or
negative impacts to the production data. The magnitude of climate change uncertainty is based on how the most recent
five years of data compares to the prior long-term record. Based on these factors, a climate change uncertainty value is
assessed.

Model Uncertainty

The model uncertainty describes the uncertainty associated with estimating the long-term MOS-corrected potential net
generation time series. The model uncertainty is derived from four components: the quality of the production data,
the period of record of the production data, the error of the MOS-corrected data during the production period, and the
sensitivity of the MOS calculation.

The uncertainty associated with the quality of the production data is a function of the averaging period of the generation
data incorporated into the analysis. Generally speaking, using data with a longer averaging period will increase this
uncertainty, e.g. monthly generation data will have higher uncertainty than 10-minute SCADA data.

Based on prior split-sample validation analyses performed by Vaisala, it is known that the uncertainty of the MOS algorithm
decreases as the period of the training data increases. Therefore, the training period component of the model uncertainty
is determined by the length of record of the production data. To understand the error of the MOS calculation, the root
mean squared error (RMSE) is computed between the monthly-mean MOS-corrected data and the observed production
data over concurrent time periods. And lastly, the sensitivity component of model uncertainty is derived by computing
multiple iterations of MOS, using perturbed input data, and computing the standard deviation of error across the resulting
time series. The four components of model uncertainty are statistically aggregated together yielding the total model
uncertainty for a 20-year return period.

12
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7.4 Pooled Uncertainty

A quadratic sum is computed of the individual uncertainty values described above to derive the total uncertainty value for
the Lower Snake River Wind Farm. Table 7 summarizes these calculations.

Project Uncertainty 1-year 5-year 10-year 20-year

Production Normalization  (O#) 04 04 04
Climate Variability 13.6 6.2 @ 32
Model 35 35 35 35

Total Uncertainty 141 7.1 5.6 4.7

Table 7: Standard error of future production estimate (%) at Lower Snake River.

7.5 Probability of Exceedances

Based on the estimated total project uncertainties, Table 8 presents the probability of exceedance levels associated with
the P50 project estimate for the 1-year, 5-year, 10-year, and 20-year cases.

P-level 1-year b5-year 10-year 20-year
P50 840.0 8499 8499 8499
P75 769.2 809.4  817.7 8228
P90 6966 7728 7887 7984
P95 6531 7510 7714 783.8
P99 5715 710.0 7388 7564

Table 8: Probability of exceedance values (GWh) at Lower Snake River.

Shaded information is designated as confidential per WAC 480-07-160
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8 CONCLUSION

Vaisala has conducted an operational reforecast of the Lower Snake River wind farm within Garfield County, Washington.
The reforecast is based on the client provided historical monthly summaries of net metered generation data and availability
data in combination with Vaisala's long-term NWP model data. A power index derived from three NWP model simulations,
driven by independent reanalysis data sets, was utilized to adjust the normalized production data for the long-term. The
expected long-term mean potential net annual energy production value, i.e. the net P50, is estimated to be-EWh.
Using the uncertainty assessment results, probability of exceedance values were calculated. The 20-year P90 potential net
energy value for the Lower Snake River project is-GWh.

Shaded information is designated as confidential per WAC 480-07-160
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Disclaimer

This report has been prepared for the use of the client named in the report for the specific purpose identified in the report.
Any other party should not rely upon this report for any other purpose. This report is not be used, circulated, quoted or
referred to, in whole or in part, for any other purpose without the prior written consent of Vaisala, Inc. The conclusions,
observations and recommendations contained herein attributed to Vaisala, Inc. constitute the opinions of Vaisala, Inc. For
a complete understanding of the conclusions and opinions, this report should be read in its entirety. To the extent that
statements, information and opinions provided by the client or others have been used in the preparation of this report,
Vaisala, Inc. has relied upon the same to be accurate. While we believe the use of such information provided by others
is reasonable for the purposes of this report, no assurances are intended and no representations or warranties are made.
Vaisala, Inc. makes no certification and gives no assurances except as explicitly set forth in this report.
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INTRODUCTION

Vaisala has been retained by Puget Sound Energy to provide an operational reforecast for the Whiskey Ridge wind farm,
which is located in Kittitas County, Washington. This project is comprised of 22 Vestas V80-2.0MW turbines for a total
project capacity of 44.0 MW.

The operational reforecast is an independent assessment of the future production of an operating project based on the
historical production data and the climate. It considers the variability of the climate and the observed production data,
including generation and availability data, as reported by the project. Vaisala offers two different Operational Reforecast
products: a comprehensive analysis that quality controls the 10-minute SCADA data on a turbine specific basis, and a
higher level analysis that relies solely on the monthly-mean operating reports of the project.

Since only monthly-mean production data are considered in this analysis, any potential turbine performance issues in the
net metered generation data will be transferred into the operational reforecast process. In essence, it is a simulation of
the future assuming the plant performs as it has in the past, making adjustments if it is known that operating conditions
are expected to change from the past.

Assuming the plant continues to operate as it has in the past, the operational reforecast yields an estimated long-term
potential net energy value of-GWh. Potential net energy refers to the energy the wind farm would produce if the
total site availability is 100% and the curtailment loss is 0%. Total site availability for this analysis includes contractual
machine availability and grid availability. BOP availability and curtailment losses are inherent in the provided net metered
generation data.

For this analysis, results will be shown only in terms of potential net energy. The client will need to apply contractual
turbine availability and grid availability losses to determine the expected net energy generation of the Whiskey Ridge wind
farm.

Project Size 44.0 MW
Number of Turbines 22
Turbine Type Vestas V80-2.0MW
Hub Height 67 m
Potential Net Energy Generation Q0% GWh
Net Energy Generation -
Aggregate Loss Factor @001 %
Standard Error of 20-year Estimate 89 %

Table 1: Project Overview

Shaded information is designated as confidential per WAC 480-07-160
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Project Description

2 PROJECT DESCRIPTION

The Whiskey Ridge project is located in Kittitas County, Washington. The project is comprised of 22 Vestas V80-2.0MW
turbines at 67 m hub height for a total project capacity of 44.0 MW. The wind farm has been operating since January
2010.

The location of the Whiskey Ridge wind farm is shown below in Figure 1.
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Figure 1: Map of the Whiskey Ridge project region.
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3 METHODOLOGY

To estimate the future net production values, the following two input data sources are utilized: historic production data,
including generation and availability data, and 36 years of Numerical Weather Prediction (NWP) model data. Statistical
corrections are applied to the normalized production data, based on a simulated climate index, in order to generate a
long-term time series of estimated production values. The historic long-term production provides the basis for estimating
future production. An outline of the basic approach follows:

Production, availability and curtailment data are reviewed for quality and usefulness.

Normalized production data, i.e. potential net energy data, are created by normalizing the net meter generation
data to 100% site availability.

Long-term climate variability is analyzed to determine an appropriate start date for each of 3 independent reanalysis
data sets, assuming each has long-term characteristics consistent with the region.

Utilizing the Weather Research and Forecasting Model (WRF), reanalysis data are downscaled to a 15 km horizontal
resolution.

Time series data of air density and hub height wind speed are extracted from the WRF data set at a centrally located
grid point within the project.

The time series of hub height wind speeds are corrected to on-site conditions using on-site wind resource measurement
data, if available.

An air density corrected project power curve is used to convert the individual reanalysis-based time series to power.
Power values are further scaled to expected long-term generation before aggregating by month. These monthly
simulated production time series become climate power indices.

Monthly observed normalized production data are adjusted for the long-term by applying the ratio of the long-term
mean monthly profile derived from the 36 years of simulated data against the monthly profile derived over the
short-term operational production period.

The independent long-term estimates are then weighted by respective coefficients of determination; comparing
monthly observed production against the simulated power indices.

Historic trends of availability and curtailment data are analyzed to determine expected future trends. Turbine
availability and curtailments are normalized out of the data set when applying the long-term correction factor.
The expected future availability and curtailment are added back as loss factors when computing the reforecasted
long-term mean net energy estimate.

Uncertainty analysis is performed to develop the probability of exceedance values (P75, P90, etc.) of expected net
energy generation.

Whiskey Ridge Operational Reforecast For Puget Sound Energy (© 2017 Vaisala, Inc.
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4.1

4.2

DATA VERIFICATION

On-site Resource Data

For operational projects where stand-alone met towers are waked by operating turbines, a broadly applicable view of the
site’s wind resource can be determined from the nacelle anemometers in the project. A project average time series of wind
speed is determined by averaging the 10-min wind speed readings from every turbine in the project. The averaged time
series is interpreted as a point reading at the arithmetic average of the latitude and longitude coordinates of all turbines.
The nacelle wind resource time series is then used to validate and correct the raw NWP model data using a process of
Model Output Statistics (MOS) correction. MOS uses regression equations to remove bias and adjust the variance of the
raw model output to improve the match with the provided observational data. Nacelle wind resource measurement data
were provided by the client during the period January 2011 through September 2014.

Operating Results Summary

A summary of historical park performance over the period January 2010 through June 2016 was provided by the client.
The data included monthly generation data and various availability statistics. Specifically relevant for this analysis are the
net generation, turbine and grid availability data. The total plant availability factor is calculated inclusive of the following:
contractual machine availability and grid availability. Project curtailment and BOP losses are inherent in the net metered
generation data provided by the client. Potential net energy generation data are then derived by dividing the net metered
generation data by the total site availability factor. The result is a time series representative of the project with 100%
availability.

Project generation data, total plant availability data, and potential net generation data utilized by Vaisala are shown below
in Table 2. Newly constructed wind farms typically have a break-in period during which availability, and potentially turbine
performance, is lower than what would typically be seen over the long-term. This period often takes place during the first
year of operations. When multiple years of operating data are provided, Vaisala identifies this initial stabilization period
and removes it from the analysis, so that these data do not bias the long-term adjustment. No explicit stabilization period
is visible in the early record. Eight months of data have not been considered in the analysis because of low grid availability.

Operational generation data over the period January 2010 through June 2016 are used in the analysis. Months with
relatively low total site availability values are not incorporated into the analysis, and so a potential net generation value is
not computed for these months.

Whiskey Ridge Operational Reforecast For Puget Sound Energy (© 2017 Vaisala, Inc.




Data Verification

Date Net Metered Total Plant Potential Net
Generation (MWHh) Availability (%) Generation (MWHh)

Table 2: Observed net metered generation, plant availability, and potential net generation data for Whiskey Ridge.
(continued on next page)

Shaded information is designated as confidential per WAC 480-07-160
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Data Verification

Date Net Metered Total Plant Potential Net
Generation (MWHh) Availability (%) Generation (MWHh)

Table 2: Observed net metered generation, plant availability, and potential net generation data for Whiskey Ridge.
Months with relatively low total site availability are not incorporated into the analysis and potential net generation is not
computed. For these months the potential net generation data are shown as missing values.

Shaded information is designated as confidential per WAC 480-07-160
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5 CLIMATE REVIEW

In order to place the production data into the climatological context, Vaisala performed a review of several long-term
climate data sources. Vaisala primarily relies on global reanalysis data sets for understanding the long-term climate
variability. The reanalysis data sets are derived from thousands of global observations, including ground-based weather
stations, ocean surface buoys, satellites, and weather balloons. Vaisala uses three major reanalysis data sets that are each
produced independently by different institutions. The data sets reviewed for this analysis are shown below in Table 3.

Data Set Explained Variance (R?) Start Year End Year
ECMWF ERA-I 0.87 1980 2015
MERRA 0.82 1980 2015
NCEP/NCAR 0.75 1988 2015

Table 3: Monthly explained variance with production data and reference period utilized for each reanalysis data set.

Vaisala considers each reanalysis data set when assessing the long-term climate and results using each data set are weighted
by their correlation to observed project performance. Figure 2 shows the annual-mean wind speed values extracted from
each reanalysis data set across the period of record. The reference period for each data set is optimized by taking into
consideration how representative the entire record is of the recent climate at the site. The utilized reference period and
correlation with observed project performance for each reanalysis data set is provided in Table 3.

Annual-mean Wind Speed (m/s)
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Figure 2: Annual-mean time series plot of considered reanalysis data sets.

Shaded information is designated as confidential per WAC 480-07-160
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Reforecast R;esults

6 REFORECAST RESULTS

The 70 months of utilized potential net generation data are independently indexed against the 36 years of simulated power
from each NWP data set. The monthly observed potential net generation data are adjusted for the long-term by applying
the ratio of the long-term mean monthly profile derived from the 36 years of simulated data against the monthly profile
derived over the short-term operational production period. The three independent long-term estimates are combined
together by weighting each value against the coefficient of determination between the 70 months of observed, potential
net generation data and the respective NWP simulated data.

This analysis presents results only in terms of the potential net energy generation. The long-term mean potential net
energy generation estimate for the Whiskey Ridge wind farm is estimated to be-GWh.

Whiskeyridge

Potential Net Energy Generation (GWh) 90.7
Nameplate Capacity (MW) 44.0
Loss Factors
Total Site Availability @000 %
Curtailment 10010 %
Aggregate Loss Factor (1009 %

Net Energy Generation (GWh) -

Table 4: Net energy generation results.

6.1 Long-term Variability

The long-term variability of the simulated potential net energy is shown within this section. Figure 3 shows the long-
term mean seasonality via a box-and-whisker plot of the monthly-mean potential net energy data. The shaded boxes are
bounded by the P25 and P75 values for each month, and the whiskers denote the minimum and maximum values. The
median for each month is denote by the black line within the shaded box. Table 5 shows the numerical values plotted
within Figure 3.

Shaded information is designated as confidential per WAC 480-07-160
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Figure 3: Box-and-whisker plot of monthly-mean simulated potential net energy. This figure displays the expected
variability of the monthly-mean data. Median values are denoted by the solid line within each shaded box.
Upper and lower boundaries of the shaded box correspond to the 75% and 25% quartiles, while the whiskers
denote the maximum and minimum monthly-mean potential net energy values.

Minimum P75 Median P25 Maximum
Jan 22898 66062 83355 9890.4  13058.2
Feb  1886.6  4992.7 6785.6  8877.3 124345
‘Mar 33819 74312 8503.0 10446.7 130123
Apr 52531  7866.6 8809.9 99203  12627.4
May 49693  8110.9 8840.8 100023  13576.4
Jun 3717.7 65358 7201.2  8718.4 113734
Jul 47382 60584 6978.9 77814  11873.7
Aug 38078 52385 57936 6739.0  9327.8
Sep 31984 55805 66928  7765.7  11416.1
Oct 30743  6026.9 68462 86284  12371.1
Nov 36705  5717.7 69325 84744  12862.7
Dec 32654  5759.2 70316  8806.1  12096.7

Table 5: Minimum, P75, median, P25, and maximum potential net energy values (MWHh) for each calendar month.

Shaded information is designated as confidential per WAC 480-07-160
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6.2 Seasonal Profile

The operational reforecast of the Whiskey Ridge annual profile is detailed in this section. Because the reforecast method-
ology is indexed against individual calendar months, the operational reforecast can illuminate the project’s annual profile.
Table 6 shows the annual profile in terms of the potential net energy for Whiskey Ridge.

Potential Net Energy % of Annual
Generation (MWh) Production

Table 6: Long-term monthly-mean estimates of potential net energy (MWH) and % of annual production.

Shaded information is designated as confidential per WAC 480-07-160

Whiskey Ridge Operational Reforecast For Puget Sound Energy (©) 2017 Vaisala, Inc.
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UNCERTAINTY ANALYSIS

The following types of uncertainty are analyzed and incorporated into the analysis: production normalization, climate
variability, and model uncertainty.

Production Normalization Uncertainty

The production normalization uncertainty covers the uncertainty associated with adjusting the net production data for plant
availability and curtailment. The long-term analysis is based on the potential power production data, i.e. the production
data normalized by the plant availability and curtailment. The uncertainty of the potential power production data is
directly related to the plant availability and curtailment, since the potential production values are unknown during periods
when the wind plant was not available for producing power. Thus, lower plant availability leads to higher production
data uncertainty. In addition, this also covers the uncertainties associated with future changes to turbine efficiencies and
availabilities.

Climate Variability Uncertainty

The climate variability includes two components: temporal variation and future changes in climate.

Temporal uncertainty is based on the inter-annual variability (standard deviation) of the annual-mean energy-based NWP
time series corresponding long-term means. It is assumed that each year of the annual-mean potential power time series
is independent from the next.

Future changes in climate includes the possibility of future climate varying from the historic climate. Climate change is
associated with potential shifts in the climate over the next twenty years. Change in the climate may have positive or
negative impacts to the production data. The magnitude of climate change uncertainty is based on how the most recent
five years of data compares to the prior long-term record. Based on these factors, a climate change uncertainty value is
assessed.

Model Uncertainty

The model uncertainty describes the uncertainty associated with estimating the long-term MOS-corrected potential net
generation time series. The model uncertainty is derived from four components: the quality of the production data,
the period of record of the production data, the error of the MOS-corrected data during the production period, and the
sensitivity of the MOS calculation.

The uncertainty associated with the quality of the production data is a function of the averaging period of the generation
data incorporated into the analysis. Generally speaking, using data with a longer averaging period will increase this
uncertainty, e.g. monthly generation data will have higher uncertainty than 10-minute SCADA data.

Based on prior split-sample validation analyses performed by Vaisala, it is known that the uncertainty of the MOS algorithm
decreases as the period of the training data increases. Therefore, the training period component of the model uncertainty
is determined by the length of record of the production data. To understand the error of the MOS calculation, the root
mean squared error (RMSE) is computed between the monthly-mean MOS-corrected data and the observed production
data over concurrent time periods. And lastly, the sensitivity component of model uncertainty is derived by computing
multiple iterations of MOS, using perturbed input data, and computing the standard deviation of error across the resulting
time series. The four components of model uncertainty are statistically aggregated together yielding the total model
uncertainty for a 20-year return period.

12
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Uncertainty Analysis

7.4 Pooled Uncertainty

A quadratic sum is computed of the individual uncertainty values described above to derive the total uncertainty value for
the Whiskey Ridge Wind Farm. Table 7 summarizes these calculations.

Project Uncertainty 1-year 5-year 10-year 20-year

Production Normalization (@ 0.7 0.7 0.7
Climate Variability 113 51 3.7 2.7
Model 28 28 28 28

Total Uncertainty 11.7 59 @n 3.9

Table 7: Standard error of future production estimate (%) at Whiskey Ridge.

7.5 Probability of Exceedances

Based on the estimated total project uncertainties, Table 8 presents the probability of exceedance levels associated with
the P50 project estimate for the 1-year, 5-year, 10-year, and 20-year cases.

P-level 1-year b5-year 10-year 20-year

Table 8: Probability of exceedance values (GWh) at Whiskey Ridge.

Shaded information is designated as confidential per WAC 480-07-160
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13


bnguye
Highlight

bnguye
Highlight

bnguye
Highlight

bnguye
Highlight

bnguye
Highlight


TN

l.“i::!-_
8 CONCLUSION

Vaisala has conducted an operational reforecast of the Whiskey Ridge wind farm within Kittitas County, Washington. The
reforecast is based on the client provided historical monthly summaries of net metered generation data and availability data
in combination with Vaisala’'s long-term NWP model data. A power index derived from three NWP model simulations,
driven by independent reanalysis data sets, was utilized to adjust the normalized production data for the long-term. The
expected long-term mean potential net annual energy production value, i.e. the net P50, is estimated to be-EWh.
Using the uncertainty assessment results, probability of exceedance values were calculated. The 20-year P90 potential net
energy value for the Whiskey Ridge project is-GWh.

Shaded information is designated as confidential per WAC 480-07-160
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Disclaimer

This report has been prepared for the use of the client named in the report for the specific purpose identified in the report.
Any other party should not rely upon this report for any other purpose. This report is not be used, circulated, quoted or
referred to, in whole or in part, for any other purpose without the prior written consent of Vaisala, Inc. The conclusions,
observations and recommendations contained herein attributed to Vaisala, Inc. constitute the opinions of Vaisala, Inc. For
a complete understanding of the conclusions and opinions, this report should be read in its entirety. To the extent that
statements, information and opinions provided by the client or others have been used in the preparation of this report,
Vaisala, Inc. has relied upon the same to be accurate. While we believe the use of such information provided by others
is reasonable for the purposes of this report, no assurances are intended and no representations or warranties are made.
Vaisala, Inc. makes no certification and gives no assurances except as explicitly set forth in this report.
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INTRODUCTION

Vaisala has been retained by Puget Sound Energy to provide an operational reforecast for the Wild Horse wind farm, which
is located in Kittitas County, Washington. This project is comprised of 127 Vestas V80-1.8MW turbines for a total project
capacity of 228.6 MW.

The operational reforecast is an independent assessment of the future production of an operating project based on the
historical production data and the climate. It considers the variability of the climate and the observed production data,
including generation and availability data, as reported by the project. Vaisala offers two different Operational Reforecast
products: a comprehensive analysis that quality controls the 10-minute SCADA data on a turbine specific basis, and a
higher level analysis that relies solely on the monthly-mean operating reports of the project.

Since only monthly-mean production data are considered in this analysis, any potential turbine performance issues in the
net metered generation data will be transferred into the operational reforecast process. In essence, it is a simulation of
the future assuming the plant performs as it has in the past, making adjustments if it is known that operating conditions
are expected to change from the past.

Assuming the plant continues to operate as it has in the past, the operational reforecast yields an estimated long-term
potential net energy value of-GWh. Potential net energy refers to the energy the wind farm would produce if the
total site availability is 100% and the curtailment loss is 0%. Total site availability for this analysis includes contractual
machine availability and grid availability. BOP availability and curtailment losses are inherent in the provided net metered
generation data.

For this analysis, results will be shown only in terms of potential net energy. The client will need to apply contractual
turbine availability and grid availability losses to determine the expected net energy generation of the Wild Horse wind
farm.

Project Size 228.6 MW
Number of Turbines 127
Turbine Type Vestas V80-1.8MW
Hub Height 67 m
Potential Net Energy Generation (58915 G\Wh
Net Energy Generation -
Aggregate Loss Factor @oo1o %
Standard Error of 20-year Estimate 8m %

Table 1: Project Overview

Shaded information is designated as confidential per WAC 480-07-160
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Project Description

2 PROJECT DESCRIPTION

The Wild Horse project is located in Kittitas County, Washington. The project is comprised of 127 Vestas V80-1.8MW
turbines at 67 m hub height for a total project capacity of 228.6 MW. The wind farm has been operating since January
2007.

The location of the Wild Horse wind farm is shown below in Figure 1.
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Figure 1: Map of the Wild Horse project region.
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3 METHODOLOGY

To estimate the future net production values, the following two input data sources are utilized: historic production data,
including generation and availability data, and 36 years of Numerical Weather Prediction (NWP) model data. Statistical
corrections are applied to the normalized production data, based on a simulated climate index, in order to generate a
long-term time series of estimated production values. The historic long-term production provides the basis for estimating
future production. An outline of the basic approach follows:

Production, availability and curtailment data are reviewed for quality and usefulness.

Normalized production data, i.e. potential net energy data, are created by normalizing the net meter generation
data to 100% site availability.

Long-term climate variability is analyzed to determine an appropriate start date for each of 3 independent reanalysis
data sets, assuming each has long-term characteristics consistent with the region.

Utilizing the Weather Research and Forecasting Model (WRF), reanalysis data are downscaled to a 15 km horizontal
resolution.

Time series data of air density and hub height wind speed are extracted from the WRF data set at a centrally located
grid point within the project.

The time series of hub height wind speeds are corrected to on-site conditions using on-site wind resource measurement
data, if available.

An air density corrected project power curve is used to convert the individual reanalysis-based time series to power.
Power values are further scaled to expected long-term generation before aggregating by month. These monthly
simulated production time series become climate power indices.

Monthly observed normalized production data are adjusted for the long-term by applying the ratio of the long-term
mean monthly profile derived from the 36 years of simulated data against the monthly profile derived over the
short-term operational production period.

The independent long-term estimates are then weighted by respective coefficients of determination; comparing
monthly observed production against the simulated power indices.

Historic trends of availability and curtailment data are analyzed to determine expected future trends. Turbine
availability and curtailments are normalized out of the data set when applying the long-term correction factor.
The expected future availability and curtailment are added back as loss factors when computing the reforecasted
long-term mean net energy estimate.

Uncertainty analysis is performed to develop the probability of exceedance values (P75, P90, etc.) of expected net
energy generation.

Wild Horse Operational Reforecast For Puget Sound Energy (© 2017 Vaisala, Inc.
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4.1

4.2

DATA VERIFICATION

On-site Resource Data

For operational projects where stand-alone met towers are waked by operating turbines, a broadly applicable view of the
site’s wind resource can be determined from the nacelle anemometers in the project. A project average time series of wind
speed is determined by averaging the 10-min wind speed readings from every turbine in the project. The averaged time
series is interpreted as a point reading at the arithmetic average of the latitude and longitude coordinates of all turbines.
The nacelle wind resource time series is then used to validate and correct the raw NWP model data using a process of
Model Output Statistics (MOS) correction. MOS uses regression equations to remove bias and adjust the variance of the
raw model output to improve the match with the provided observational data. Nacelle wind resource measurement data
were provided by the client during the period February 2014 through May 2016.

Operating Results Summary

A summary of historical park performance over the period January 2007 through June 2016 was provided by the client.
The data included monthly generation data and various availability statistics. Specifically relevant for this analysis are the
net generation, turbine and grid availability data. The total plant availability factor is calculated inclusive of the following:
contractual machine availability and grid availability. Project curtailment and BOP losses are inherent in the net metered
generation data provided by the client. Potential net energy generation data are then derived by dividing the net metered
generation data by the total site availability factor. The result is a time series representative of the project with 100%
availability.

Project generation data, total plant availability data, and potential net generation data utilized by Vaisala are shown below
in Table 2. Newly constructed wind farms typically have a break-in period during which availability, and potentially turbine
performance, is lower than what would typically be seen over the long-term. This period often takes place during the first
year of operations. When multiple years of operating data are provided, Vaisala identifies this initial stabilization period
and removes it from the analysis, so that these data do not bias the long-term adjustment. No explicit stabilization period
is visible in the early record. Six months of data have not been considered in the analysis because of low grid availability.

Operational generation data over the period January 2007 through December 2015 are used in the analysis. Months with
relatively low total site availability values are not incorporated into the analysis, and so a potential net generation value is
not computed for these months.

Wild Horse Operational Reforecast For Puget Sound Energy (© 2017 Vaisala, Inc.
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Data Verification

Date Net Metered Total Plant Potential Net
Generation (MWHh) Availability (%) Generation (MWHh)
2007-Jan 46268 973 47532
2007-Feb 36811 97.6 37716
2007-Mar 61008 97.4 62637
2007-Apr 48059 95.8 50176
2007-May: 48639 97.0 50162
2007-Jun 60992 982 62129
2007-Jul 48299 9.1 49234
2007-Aug. 52559 97.6 53868
2007-Sep 54682 98.6 55464
2007-Oct 51187 98.3 52072
2007-Nov. 41988 98.7 42545
2007-Dec 62360 98.2 63503
2008-Jan 57896 97.4 59441
2008-Feb 58982 97.4 60556
2008-Mar 59883 97.4 61482
2008-Apr 69554 9r.1 71631
2008-May 62610 971 64480
2008-Jun 63021 96.8 65104
2008-Jul 66150 96.5 68549
2008-Aug. 58144 97.0 59942
2008-Sep 33447 97.2 34410
2008-Oct 46831 975 48032
2008-Nov. 50834 98.4 51661
2008-Dec 54746 96.3 56849
2009-Jan 58027 96.2 60319
2009-Feb 30698 98.1 31293
2009-Mar 63934 98.2 65106
2009-Apr 57766 a7 59126
2009-May 60833 98.2 61948
2009-Jun 52017 98.5 52814
2009-Jul 35067 96.9 36189
2009-Aug 40758 972 41932
2009-Sep 30661 96.2 31879
2009-Oct 45117 96.2 46899
2009-Nov. 49505 94.6 52331
2009-Dec 25790 97.0 26588
2010-Jan 26377 97.6 27026
2010-Feb 15046 98.8 15229
2010-Mar 46583 9.7 47107
2010-Apr 75169 98.0 76742
2010-May 53161 97.8 54335
2010-Jun 49428 98.0 50457
2010-Jul 43286 971 44502
2010-Aug 52841 97.6 54146
2010-Sep 42987 97.9 43932
2010-Oct 35680 98.0 36393
2010-Nov. 45267 9.7 46826
2010-Dec 45993 98.1 46874

Table 2: Observed net metered generation, plant availability, and potential net generation data for Wild Horse. (continued
on next page)

Shaded information is designated as confidential per WAC 480-07-160
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Data Verification

Date Net Metered Total Plant Potential Net
Generation (MWHh) Availability (%) Generation (MWHh)

Table 2: Observed net metered generation, plant availability, and potential net generation data for Wild Horse. (continued
on next page)

Shaded information is designated as confidential per WAC 480-07-160
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Data Verification

Date Net Metered Total Plant Potential Net
Generation (MWHh) Availability (%) Generation (MWHh)

2015-Jan 27405 753 e

2015-Feb 42773 3.7 [

2015-Mar 48093 97.0 49574
2015-Apr 53418 917 54680
2015-May. 27792 917 28440
2015-Jun 43884 98.1 44725
2015-Jul 55498 711 [ )

2015-Aug 49822 90.4 55126
2015-Sep. ATTTT 9.7 49409
2015-Oct 44970 99.0 45433
2015-Nov. 48370 99.1 48834
2015-Dec 43551 98.6 44173
2016-Jan 34758 98.9 35137
2016-Feb 46667 99.3 46987
2016-Mar 65740 98.3 66870
2016-Apr 43345 95.7 45281
2016-May. 61762 98.9 62462
2016-Jun 56417 9.1 57504

Table 2: Observed net metered generation, plant availability, and potential net generation data for Wild Horse. Months
with relatively low total site availability are not incorporated into the analysis and potential net generation is not computed.
For these months the potential net generation data are shown as missing values.

Shaded information is designated as confidential per WAC 480-07-160
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5 CLIMATE REVIEW

In order to place the production data into the climatological context, Vaisala performed a review of several long-term
climate data sources. Vaisala primarily relies on global reanalysis data sets for understanding the long-term climate
variability. The reanalysis data sets are derived from thousands of global observations, including ground-based weather
stations, ocean surface buoys, satellites, and weather balloons. Vaisala uses three major reanalysis data sets that are each
produced independently by different institutions. The data sets reviewed for this analysis are shown below in Table 3.

Data Set Explained Variance (R?) Start Year End Year
ECMWF ERA-I 0.88 1980 2015
MERRA 0.91 1081 2015
NCEP/NCAR 0.86 1988 2015

Table 3: Monthly explained variance with production data and reference period utilized for each reanalysis data set.

Vaisala considers each reanalysis data set when assessing the long-term climate and results using each data set are weighted
by their correlation to observed project performance. Figure 2 shows the annual-mean wind speed values extracted from
each reanalysis data set across the period of record. The reference period for each data set is optimized by taking into
consideration how representative the entire record is of the recent climate at the site. The utilized reference period and
correlation with observed project performance for each reanalysis data set is provided in Table 3.

— ERA — MERRA — NNRP

Annual-mean Wind Speed (m/s)

L L L L L e
080 1984 1988 1992 1996 2000 2004 2008 2012
Year

Figure 2: Annual-mean time series plot of considered reanalysis data sets.

Shaded information is designated as confidential per WAC 480-07-160
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6 REFORECAST RESULTS

The 102 months of utilized potential net generation data are independently indexed against the 36 years of simulated
power from each NWP data set. The monthly observed potential net generation data are adjusted for the long-term by
applying the ratio of the long-term mean monthly profile derived from the 36 years of simulated data against the monthly
profile derived over the short-term operational production period. The three independent long-term estimates are combined
together by weighting each value against the coefficient of determination between the 102 months of observed, potential
net generation data and the respective NWP simulated data.

This analysis presents results only in terms of the potential net energy generation. The long-term mean potential net
energy generation estimate for the Wild Horse wind farm is estimated to be G8BIG Wh.

Potential Net Energy Generation (GWh) 589.5
Nameplate Capacity (MW) 228.6
Loss Factors
Total Site Availability (@000 %
Curtailment  (iNREFERAt
Aggregate Loss Factor (0010 %
Net Energy Generation (GWh) -

Table 4: Net energy generation results.

6.1 Long-term Variability

The long-term variability of the simulated potential net energy is shown within this section. Figure 3 shows the long-
term mean seasonality via a box-and-whisker plot of the monthly-mean potential net energy data. The shaded boxes are
bounded by the P25 and P75 values for each month, and the whiskers denote the minimum and maximum values. The
median for each month is denote by the black line within the shaded box. Table 5 shows the numerical values plotted

within Figure 3.

Shaded information is designated as confidential per WAC 480-07-160 10
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Figure 3: Box-and-whisker plot of monthly-mean simulated potential net energy. This figure displays the expected
variability of the monthly-mean data. Median values are denoted by the solid line within each shaded box.
Upper and lower boundaries of the shaded box correspond to the 75% and 25% quartiles, while the whiskers
denote the maximum and minimum monthly-mean potential net energy values.

P75 Median P25 Maximum
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Table 5: Minimum, P75, median, P25, and maximum potential net energy values (MWHh) for each calendar month.

Shaded information is designated as confidential per WAC 480-07-160
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Reforecast Results

V

6.2 Seasonal Profile

The operational reforecast of the Wild Horse annual profile is detailed in this section. Because the reforecast methodology
is indexed against individual calendar months, the operational reforecast can illuminate the project’s annual profile. Table
6 shows the annual profile in terms of the potential net energy for Wild Horse.

Potential Net Energy % of Annual
Generation (MWh) Production

Table 6: Long-term monthly-mean estimates of potential net energy (MWH) and % of annual production.

Shaded information is designated as confidential per WAC 480-07-160
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UNCERTAINTY ANALYSIS

The following types of uncertainty are analyzed and incorporated into the analysis: production normalization, climate
variability, and model uncertainty.

Production Normalization Uncertainty

The production normalization uncertainty covers the uncertainty associated with adjusting the net production data for plant
availability and curtailment. The long-term analysis is based on the potential power production data, i.e. the production
data normalized by the plant availability and curtailment. The uncertainty of the potential power production data is
directly related to the plant availability and curtailment, since the potential production values are unknown during periods
when the wind plant was not available for producing power. Thus, lower plant availability leads to higher production
data uncertainty. In addition, this also covers the uncertainties associated with future changes to turbine efficiencies and
availabilities.

Climate Variability Uncertainty

The climate variability includes two components: temporal variation and future changes in climate.

Temporal uncertainty is based on the inter-annual variability (standard deviation) of the annual-mean energy-based NWP
time series corresponding long-term means. It is assumed that each year of the annual-mean potential power time series
is independent from the next.

Future changes in climate includes the possibility of future climate varying from the historic climate. Climate change is
associated with potential shifts in the climate over the next twenty years. Change in the climate may have positive or
negative impacts to the production data. The magnitude of climate change uncertainty is based on how the most recent
five years of data compares to the prior long-term record. Based on these factors, a climate change uncertainty value is
assessed.

Model Uncertainty

The model uncertainty describes the uncertainty associated with estimating the long-term MOS-corrected potential net
generation time series. The model uncertainty is derived from four components: the quality of the production data,
the period of record of the production data, the error of the MOS-corrected data during the production period, and the
sensitivity of the MOS calculation.

The uncertainty associated with the quality of the production data is a function of the averaging period of the generation
data incorporated into the analysis. Generally speaking, using data with a longer averaging period will increase this
uncertainty, e.g. monthly generation data will have higher uncertainty than 10-minute SCADA data.

Based on prior split-sample validation analyses performed by Vaisala, it is known that the uncertainty of the MOS algorithm
decreases as the period of the training data increases. Therefore, the training period component of the model uncertainty
is determined by the length of record of the production data. To understand the error of the MOS calculation, the root
mean squared error (RMSE) is computed between the monthly-mean MOS-corrected data and the observed production
data over concurrent time periods. And lastly, the sensitivity component of model uncertainty is derived by computing
multiple iterations of MOS, using perturbed input data, and computing the standard deviation of error across the resulting
time series. The four components of model uncertainty are statistically aggregated together yielding the total model
uncertainty for a 20-year return period.

13
Wild Horse Operational Reforecast For Puget Sound Energy (© 2017 Vaisala, Inc.



,n.

!

Uncertainty Analysis

7.4 Pooled Uncertainty

A quadratic sum is computed of the individual uncertainty values described above to derive the total uncertainty value for
the Wild Horse Wind Farm. Table 7 summarizes these calculations.

Project Uncertainty 1-year 5-year 10-year 20-year

Production Normalization (@8 0.7 0.7 0.7
Climate Variability 103 @ (<) 25
Model 27 21 27 27

Total Uncertainty 10.7 5.5 @ 3.7

Table 7: Standard error of future production estimate (%) at Wild Horse.

7.5 Probability of Exceedances

Based on the estimated total project uncertainties, Table 8 presents the probability of exceedance levels associated with
the P50 project estimate for the 1-year, 5-year, 10-year, and 20-year cases.

[&,]

P-level 1-year b5-year 10-year 20-year

Table 8: Probability of exceedance values (GWh) at Wild Horse.

Shaded information is designated as confidential per WAC 480-07-160
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8 CONCLUSION

Vaisala has conducted an operational reforecast of the Wild Horse wind farm within Kittitas County, Washington. The
reforecast is based on the client provided historical monthly summaries of net metered generation data and availability data
in combination with Vaisala’'s long-term NWP model data. A power index derived from three NWP model simulations,
driven by independent reanalysis data sets, was utilized to adjust the normalized production data for the long-term. The
expected long-term mean potential net annual energy production value, i.e. the net P50, is estimated to be-GWh.
Using the uncertainty assessment results, probability of exceedance values were calculated. The 20-year P90 potential net
energy value for the Wild Horse project is-GWh.

Shaded information is designated as confidential per WAC 480-07-160
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